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It is well-known that the survey response rate is a poor indicator of the nonresponse bias for the characteristics measured in a survey.  Nevertheless, for a number of reasons which will be described in the paper, data users, survey sponsors, journal editors, and others still need a concise, convenient and readily interpretable measure of the overall level of nonresponse bias for a survey.  Nonresponse bias does not have the simplicity of the response rate, which is estimate-specific, rather than an overall survey metric. This provides challenges to survey statisticians because the magnitude of the nonresponse bias and its importance for data analysis can vary considerably across the estimates that will be produced from the survey.  In that regard, survey nonresponse bias might be best summarized by a distribution of biases across data items rather than a presentation of numerous bias estimates or a response rate.  
This paper views survey nonresponse bias as a distribution, providing the ability to concisely convey the location, dispersion, and shape of the bias distribution in terms that can be easily interpreted and readily applied for survey quality comparisons.  Our goal is to provide a single metric to summarize nonresponse bias in a survey.  Our approach uses a nonresponse indicator referred to as the bias effect size (BES) that is based upon Cohen’s (1988) d.  For any survey, the BES has mean and variance, each of which possess a number of desirable properties for describing the risk of nonresponse bias.  In addition, through a meta-analysis of nonresponse bias studies, the magnitude of the BES can be assessed in terms of low, medium, and high risk much like Cohen’s rule of thumb for gauging the magnitude of his effect size.
Unlike other proposed metrics of survey representativeness, BES is a summary of nonresponse bias in survey variables, not constrained to a summary of often demographic variables available on the sampling frame.  It also extends to nonresponse bias in adjusted (weighted) survey estimates, thus not penalizing surveys that have more auxiliary information that is also used in the adjustments.
In this paper will discuss this concept and various methods for estimating the BES, its mean and standard deviation with or without data on nonrespondents.  We will also describe the work we have completed to date on general criteria for values of BES based on a meta-analysis of a large population of surveys, building an empirical distribution of the BES.   Applications of the BES methodology will be illustrated on real survey data.
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